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Abstract

Objective: This study aims to segment customers of an insurance brokerage unit using business intelligence
techniques. Customer segmentation enables managers to gain deeper insights into their clientele and use
this information to enhance customer relationship management—a key factor in the insurance industry.
Methodology: The research is applied in nature and follows a descriptive-analytical approach. Data from
32,377 insurance policies belonging to 20,491 individual and organizational customers of the Raees Babaei
Insurance Brokerage in Karaj were collected from early 2017 to the end of 2021. After processing and
extracting relevant features, the RFM model and customer value matrix were used for segmentation.
Clustering techniques including K-Means, Gaussian Mixture Model (GMM), DBSCAN, and hierarchical
clustering were applied. The optimal method was selected based on evaluation metrics: Silhouette, Calinski-
Harabasz, and Davies-Bouldin indices. The resulting clusters were then analyzed.

Innovation: The study’s key innovation lies in integrating business intelligence with multiple clustering
methods to identify the most effective customer segmentation strategy, thereby improving organizational
interactions with clients.

Findings: The optimal segmentation method was K-Means clustering using normalized data. Customers
were grouped into five distinct segments. The analysis also revealed that as the "Recency" variable in the
RFM model increases, the proportion of high-value customers in a cluster decreases, while the share of
uncertain or low-value customers rises.
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